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Main Objgcflves. Main Objective: Main Objectives:
« Can we simulate the "“out of the loop” phenomenone
. Does performance change as a result2 « Using machine learning to develop natural, human-like « Study road users'’ interactions at un-signalised junctions,
. Is there any difference in pattern of eye movements? vehicle conftrol using observation protocols, questionnaires and videos
« Collecting driver behaviour in “the same” real and « Establish what types of communications are used
LIGHT FOG simulated world. between pedestrians and drivers
* Investigating performance for three levels of risk, and « Investigate if this iInformation can be used to design
for quite challenging environments, such as U.K. narrow external interfaces (e-HMI) for automated vehicles
anes and roundabouts. ; ¢ '
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